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ATIIVTEDINILDF
BTESHEZS

Ny TRESTH
DINTZEET

FER

ATIVDOEHZVEFIH
BXIES

BFFDHRWATIUICES
AR ETILDKRNDE
REFAN>TLES

IEFFH 3 28572 1 FfES
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1R 8AH (embedding) I&. TF AR EGR . BIKDE SHEEREDT S 127
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Sr—EIEDRALHBS Ny TR ZES L 1 T DOMEREIDLLBRDE
T A=V I DB RERVIDNF 2R REEZFERT. 7OECIVRX
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IFERWOITTIIHBDEEAMZZIT NI FESETIVICEDE TROF
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o JPTIDENE: N 77L& BHEHISMITS
o XEDWE: REL R—PE S BEOESZROET
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REHIFBOARICEDE TRV E T AR TIRACEENEOIIILITS
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o ¥ ETILDEDZIRNEERARDHROEHICH S
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1.3.1 F—A2REZRET S [1.3]

AEBACR 13.1: 7 —XmEBZEIE 9 5 (DataBrew. AWS Glue Data
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TRISARIARL)
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FEDREFRART TR (V—T—2P DRV R ITYIETILOREETH
LE,

3DDFBEVWRITIZ.BRTREDET (TD 3ED) NATZA > DR THEE
BHENTHRIEL TLE®H =LA S Glue Data Quality T, AVBE TT —4%
BEEL1-ULV25 DataBrew O7O777LA AVWTWVWEY (BRZEE TR
3) . FEDHIIC ML DB THEBEZ LI %45 Data Wrangler Z:#U X
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1.3.2 F=RICSRNIIEERZF1713 [1.3]
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